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ABSTRACT 

Artificial intelligence (AI) has been revolutionizing the medical field at an increasing pace in recent 

years. The objectives of AI applications in the medical field are to improve accuracy and enhance 

efficiency in the treatment of various medical conditions. AI models and applications such as ML, 

deep learning (DL), natural language processing (NLP), reinforcement learning (RL), and generative 

models are proving to be of immense benefit in predicting medical conditions and managing their 

treatment. The applications of AI in the medical field will be elaborated upon in this study through 

the use of ML and DL in medical imaging studies, the application of NLP in processing clinical texts, 

and the implementation of RL in the treatment of various medical conditions. The combined effect of 

AI and IoMT, along with predictive analytics, will also allow doctors to monitor patients in real-time 

and take proper anticipations in the treatment of medical conditions. AI's role in genomic medicine, 

along with the management of hospitals and the efficient utilization of medical resources, will also be 
described. The evolving medical practices through AI will enable doctors to provide more efficient 

and patient-centric medical treatment in the coming years. The study will also discuss the challenges 

faced by AI regarding the concerns of the patients' confidentiality of medical information and the need 

to be transparent in decision-making. The emerging trends of AI will be of immense benefit to the 

medical field in providing efficient medical practices in the coming years. 
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1. INTRODUCTION 

In recent years, artificial intelligence has brought about significant transformations in various fields, with 

one of the most important being healthcare. The use of machine learning and deep learning algorithms to 

analyze large clinical datasets has enabled precise processing of patient information, early disease detection, 

and the design of personalized treatment plans [1].  

This technology has not only enhanced the accuracy of clinical diagnoses but also made it possible to 

provide smart and predictive medical services for both doctors and patients [1]. For example, the analysis of 

medical images using deep neural networks has improved the accuracy of diagnosing diseases such as cancer 
and cardiovascular disorders, helping reduce treatment costs and enhance the efficiency of healthcare systems 

[2]. 

Given these capabilities, examining the role and significance of artificial intelligence in medicine from both 

scientific and practical perspectives is of great importance. This article aims to analyze and explain the various 

aspects of applying artificial intelligence in the healthcare field [2]. 

 

2.    CLASSIFICATION OF CLINICAL APPLICATIONS OF ARTIFICIAL INTELLIGENCE: FROM 

DIAGNOSIS TO TARGETED TREATMENT 

 

2.1. Artificial Intelligence and the Disease Diagnosis Process 
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      Artificial intelligence in medicine involves the application of a number of methodologies and algorithms 

that work together in the role of analyzing and informing patient care. Although there are various 

methodologies in AI and medicine that can be identified as crucial to the functionality of the two combined, 

the first that can be said to be of utmost significance involves the use of patient information in the identification 

of underlying patterns of patient information through the concept of machine learning. This helps in the 

prediction of a patient’s diagnoses [1]. 

 

2.2. Medical Image Analysis with Deep Learning 

      Deep learning plays a particularly significant role in medical image analysis. Deep neural networks have 

demonstrated performance on par with or even superior to radiology specialists in identifying brain tumors, 

lung disorders, and breast cancer diagnoses. These networks, trained on thousands of medical images, extract 

complex features that are often hidden from human view [2]. 

 

2.3. Clinical Text Analysis with Natural Language Processing (NLP) 

       Natural Language Processing (NLP) is also a key tool in analyzing medical texts and records. This 

technology can process textual data, such as doctors' notes, clinical reports, and laboratory results, and 

convert it into structured information. This process significantly aids in faster and more accurate data analysis 

and enhances clinical decision-making [3]. 

 
3.  MODERN METHODS AND TECHNOLOGIES OF ARTIFICIAL INTELLIGENCE IN 

MEDICINE 

       One of the main technologies used in this context is Reinforcement Learning. This technique enables the 

system to learn the best decision-making strategies based on positive and negative reinforcements received. 

For instance, regarding the treatment of cancer patients through proper medication dosages and the best 

method of rehab for stroke patients, the reinforcement learning technique provides a more precise performance 

than conventional techniques [4]. The algorithms of Predictive Analytics also play an important role in the 

field of preventive medicine. They identify the possibility of the occurrence of various diseases in a patient and 

allow doctors to develop strategies to prevent them [5]. 

 

       In the field of genomic medicine, deep learning algorithms are employed to interpret complicated genomic 

information. The development of such algorithms has greatly improved the efficiency and effectiveness of 
biomedical research in isolating genetic mutations that cause cancer and rare diseases [6]. However, the 

Generative Models also have the capability of generating quality data samples, which can be employed when 

there's limited data from patients [7]. 

 

       In addition, Expert Systems also continue to be used in the field of emergency care and patient triage [8]. 

The interlinkage of the two technologies mentioned above and the Internet of Medical Things has resulted in 

the continuous monitoring of the patient’s condition. Patient data such as heart rate, blood pressure, and 

glucose levels are recorded through wearable sensors and AI algorithms interpret the information collected. 

This assists in the prediction of medical emergencies and allows improved quality of care [9]. 

 

       Additionally, the role of AI in the analysis of management data of hospitals and the optimization of the 
efficiency of the healthcare system itself cannot be underestimated. The above algorithms predict patient 

admissions, equipment usage, and the allocation of personnel in order to optimize the efficiency of the 

healthcare organization [10]. Artificial intelligence, built on the foundations of machine learning algorithms, 

deep learning algorithms, natural language processing algorithms, reinforcement learning algorithms, and 

generative models, has opened the gates to digital and intelligent medicine. These technologies are only 

providing a precise platform for diagnosis and treatment but also establishing the building blocks of a 

paradigm shift in the provision of personalized healthcare and medical services. 

 

4.      CLASSIFICATION OF CLINICAL APPLICATIONS OF ARTIFICIAL INTELLIGENCE: 

FROM DIAGNOSIS TO TARGETED TREATMENT 

       The applications of artificial intelligence in medicine can be classified into four main categories: disease 

diagnosis, disease progression prediction, treatment recommendation, and patient management. In each of 
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these areas, various algorithms and technologies, including machine learning, deep learning, natural language 

processing, reinforcement learning, and generative models, play a crucial role. 

 

4.1. Disease Diagnosis 

       In recent years, AI has made significant advancements in various fields, with one of the most impactful 

being healthcare and medical sciences. The use of machine learning and deep learning algorithms to analyze 

clinical data has provided powerful tools for disease diagnosis [11].  

      Especially in the field of medical image analysis, deep neural networks have demonstrated comparable or 
even superior performance to radiology specialists in early detection of diseases like cancer, brain tumors, 

and pulmonary disorders. These algorithms increase diagnostic accuracy and speed while reducing treatment 

costs by extracting complex features from clinical and imaging data [12]. Moreover, natural language 

processing (NLP) transforms clinical notes, laboratory reports, and medical texts into structured information, 

aiding doctors in making more accurate diagnoses [13]. 

 

4.2. Disease Progression Prediction 

       Another key application of AI is predicting disease progression and assessing the risk of critical 

conditions. Predictive analytics algorithms analyze patient histories, genetic data, and environmental factors 

to estimate the likelihood of disease onset or progression [12].  

      In genomic medicine, deep learning models are used to analyze complex genomic data and are highly 
accurate in identifying genetic mutations associated with cancer and rare diseases. These predictions allow 

doctors to intervene at the right time, preventing further disease progression [14]. 

 

4.3. Treatment Recommendation 

       AI is also playing an increasing role in treatment. Reinforcement learning algorithms can learn optimal 

treatment strategies based on positive and negative feedback. For instance, reinforcement learning has shown 

more accurate performance than traditional methods in managing cancer drug dosages or selecting the best 

rehabilitation method for stroke patients [11], [13]. 

       Additionally, expert systems, which are based on specialized rules and knowledge, assist doctors in 

treatment decisions. Although data-driven models have largely replaced traditional rule-based systems, expert 

systems still have applications in some clinical environments [13]. 

 
4.4. Patient Management and Care 

       AI also plays a significant role in patient management and care. The integration of smart technologies 

with the Internet of Medical Things (IoMT) allows for real-time monitoring of patient conditions. 

Wearable devices and smart sensors collect data such as heart rate, glucose levels, and blood pressure. By 

analyzing this data with AI algorithms, vital changes can be monitored in real time. This process helps predict 

medical crises before they occur, reduces the risk of acute complications, and improves the quality of 

healthcare [12], [15]. 

       Furthermore, analyzing hospital management data with the help of AI aids in resource planning, 

predicting treatment needs, and optimizing healthcare system performance. In summary, the combination of 

machine learning, generative models, and IoMT-based systems has created a new paradigm for personalized 

and intelligent healthcare [15]. 
 
5.      KEY ALGORITHMS USED IN DIGITAL HEALTH 

       Artificial intelligence and modern technologies have played a significant role in enhancing health, 

especially public health. These technologies have not only been effective in improving therapeutic processes 

but have also found widespread applications in preventing many diseases. In this regard, various AI algorithms 

and methods are utilized to perform diagnosis, monitoring, and prediction of individuals' health status with 

greater accuracy and speed. 
 
5.1. CNN Algorithm 

      Convolutional Neural Networks (CNNs) are among the most widely used and effective algorithms in deep 

learning, especially in the analysis of medical images and disease prediction based on image data. [16]  CNNs 

consist of several interconnected layers of neurons, mimicking the structure and function of visual neurons in 
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the human brain. In this structure, image data pass through multiple layers, including convolutional layers, 

pooling, and activation functions, to automatically extract patterns and key features. [16] 

      Key features of CNNs in medicine include: 

• Automatic feature extraction from raw image data without manual extraction. 

• Accurate detection of complex patterns in MRI, CT, or X-ray scans. 

• Ability to classify and segment medical images. 

• Increased accuracy and speed of image analysis compared to traditional methods. 

• Reduction of human errors in image interpretation. [16] 

 
CNN models have revolutionized the analysis of medical images. They are capable of converting complex 

image data into clinically usable information and play an important role in early diagnosis, remote monitoring, 

and personalized medicine. [16] 
 

5.2. LSTM Algorithm 

     Long Short-Term Memory (LSTM) models are a subset of Recurrent Neural Networks (RNNs) designed for 

processing sequential and time-dependent data, i.e., data where order and temporal dependencies are 

significant. [16] 

    In the biomedical field, LSTMs are used to analyze and predict data that change over time, such as: 

• Heart signals (ECG), 

• Brain signals (EEG), 

• Blood glucose or blood pressure fluctuations, 

• Or the progression of diseases in the patient's electronic health record (EHRs). [16] 

 
5.3. LSTM Performance in Health Prediction Systems 

     Unlike traditional RNNs, the LSTM model can learn long-term dependencies in data and overcome the 

“vanishing gradient” problem in RNNs. For this reason, it has a high level of accuracy in medical predictions 

that require long-term changes in the patient’s condition. [16] 
 
Key Research Studies Based on LSTM: 

1. Nancy et al. (2022) 

These researchers designed an IoT and Cloud-based intelligent health monitoring system for 

predicting heart disease. Their CNN-LSTM hybrid model analyzed patient data and sent real-time 

results to physicians. The results showed that the system had high accuracy and sensitivity, although 

there were scalability limitations. [17] 

2. Varadharajan & Nallasamy (2022) 

In this study, an optimized hardware architecture (FPGA-based) for implementing LSTM in wearable 

medical devices was presented. This model was specifically designed for real-time prediction of 

cardiac arrhythmias and was highly efficient in terms of energy consumption and processing 

performance. [18] 
3. Awais et al. (2020) 

Researchers used LSTM to detect emotions from physiological signals during the COVID-19 

pandemic to improve remote monitoring of both mental and physical health. [19] 

 

6.      XGBoost MODEL 

        The goal of this study was to develop and validate a model for predicting in-hospital mortality in patients 

with severe traumatic brain injury using the XGBoost algorithm. [20] This algorithm is a type of machine 

learning model based on Extreme Gradient Boosting (XGBoost), which combines the predictions of multiple 

weak models to create a strong and accurate model. [20] 

 

6.1. Comparison of CNN, LSTM, and XGBoost Models in Medicine 

       In the field of medicine, the choice of a machine learning model depends on the type of data and the goal 

of analysis. 

• Convolutional Neural Networks (CNNs) are more suitable for image data such as MRI, CT scans, 

or pathology images. This model is capable of automatically extracting spatial features and complex 



 

https://ict.bcnf.ir Page 5 

visual patterns from images, making it highly effective in tumor detection, tissue analysis, and disease 

classification based on images. However, CNNs require large datasets and significant computational 

power, and their decision-making process is more difficult for physicians to interpret. 

• Long Short-Term Memory (LSTM) networks are better suited for sequential or time-series data. In 

medicine, data such as ECG and EEG signals, blood glucose fluctuations, or vital signs of patients 

over time exhibit temporal dependencies, which LSTM can model effectively. This feature makes 

LSTM more accurate than other models in predicting arrhythmias, heart attacks, or sleep-wake 

patterns. However, LSTM models also require careful tuning and relatively large datasets, and their 
interpretability is lower. 

• XGBoost (Extreme Gradient Boosting), based on decision trees, is highly effective for structured and 

tabular data, such as clinical information, laboratory results, patient age, blood pressure, and disease 

history. This model, in addition to having high training speed and accuracy, requires less data 

compared to neural networks and offers better interpretability since the importance of each feature 

in the final decision can be determined. XGBoost is typically used for predicting disease risk, 

treatment response, or patient mortality. 

In general, in medicine: 

o CNN is best for image data, 

o LSTM is ideal for time-series data, 

o XGBoost is best for tabular data. 
 

However, combining these methods can improve the performance of AI systems in medicine. For 

example, CNN can be used for feature extraction from images, followed by XGBoost for final prediction based 

on those features, or time-series data can be combined with clinical information, utilizing both LSTM and 

XGBoost simultaneously. 

 

7.      DISCUSSION 

 

The current analysis shows that three techniques: CNN, XGBoost, and LSTM, significantly assist with 

medical data analysis, with their efficiency depending on the type of input medical data and medical need. On 

the basis of previous studies, CNNs efficiently utilize medical image input data and show promising diagnostic 

power using deep learning techniques for medical image analysis and detecting medical disorders like breast, 
lung cancers, or cell abnormalities [21][22]. On the other hand, XGBoost shows fast training times and 

efficient medical analysis techniques like disease risk evaluation or pattern search related to healthcare [23]. 

 

LSTM models, because of their ability to handle time series/sequential data, can successfully track disease 

progression patterns and predict vital signs and can effectively handle critical cases like COVID-19 [25]. On 

account of complexity, CNN models and LSTMs would entail higher complexity and would need large datasets 

for training purposes; on the other hand, XGBoost would entail lower complexity models and could 

successfully handle even small datasets [23]. Lastly, with regard to interpretation, XGBoost models would 

entail superior interpretation when compared to CNN models and LSTMs [23]. 

 

Results obtained from case studies reviewed indicate that artificial intelligence applications play important 
roles in areas such as early cancer diagnosis, vital sign analysis, biomarker identification for cardiovascular 

disorders, management of COVID-19, and analysis of neurological and psychiatric disorders [24][25][28]. 

The outcomes imply that artificial intelligence has improved accuracy, speed, and quality related to medical 

judgment and could aid in mitigating human mistakes associated with medical practice [22]. 

 

In conclusion, it’s evident that AI has large potential with model integration ability because it’s an efficient 

diagnostic and management tool for different ailments with predictive power. Furthermore, various sets of 

problems like bias; lack of transparency, and unavailability of adequate data still interfere with the safe 

applications of AI systems [24][26][27]. 

 

8.      ETHICAL CHALLENGES AND FUTURE DIRECTIONS 
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       Although there are rapid advancements taking place, there still exist technical and ethical hurdles 

associated with using artificial intelligence within the medical field. The primary challenge that comes into 

play with regard to using artificial intelligence relates to the lack of access to quality and diverse datasets 

because of strict regulations related to patient privacy concerns and high costs associated with collecting these 

datasets in areas with limited accessibility [26]. 

 

Biases in algorithmic output rank among the main concerns too. For instance, medical AI can be built using 

historical sets; if those sets contain biases related to race, gender, or socioeconomics, medical AI can generate 
decisions that contain these biases too [27]. Additionally, deep learning-based models can create “black box” 

systems that lack explainability too; this can negatively affect how medical decisions can be interpreted and 

understood by medical practitioners and can lead to loss of trust with patients as well [28]. 

 

There are also risks associated with security that could pose threats to healthcare systems using AI 

technologies. Cyber attacks, hacking of medical data, weaknesses in cloud computing storage systems, and 

inter-institution medical transfers of data rank among the top risks associated with healthcare systems using 

AI technologies [27]. Over-reliance on algorithmic decision-making could compromise patients' autonomy 

and even lead to adverse outcomes. 

 

With these caveats notwithstanding, recent studies show that the future of medical AI necessarily depends 
on increasing efforts towards developing more interpretable and equitable AI systems. These areas of focus 

would acutely benefit medical research and practice if they were to focus on improving model explainability 

techniques, addressing biases at different levels of data and algorithmic processes, establishing robust models 

for preserving privacy, or marrying medical AI with personalized medicine [29][30]. 

 

In conclusion, to achieve the safe and efficient utilization of AI technologies in healthcare applications, 

there must be ongoing efforts to enhance transparency, security, fairness, and trustworthiness associated with 

these technologies. 
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